
Bradford (Lynch) Levy

Booth School of Business, University of Chicago

Center for Applied AI, Becker Friedman Institute for Economics

Discussion: “Moving Targets”



Motivation
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➢ How does the market interpret changes to firms’ chosen performance measures?

➢ Important question:

➢ No two firms are identical – freedom to choose measures may provide investors with 

greater insight into the firm and improve price efficiency

➢ Costly information processing – different measures for every firm could make 

valuation more difficult and impede price formation

➢ Mandatory disclosure – regulators tend to focus on requiring disclosure. This work 

studies investors’ ability to compel and interpret disclosure in a voluntary setting
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➢ Analyze earnings call transcripts from 2006 through 2020

➢ Identify discussion of targets using named entity recognition and dependency 

parsing
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Approach
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➢ Analyze earnings call transcripts from 2006 through 2020

➢ Identify discussion of targets using named entity recognition and dependency 

parsing

➢ Special treatment for MONEY and PERCENT entities

➢ After identifying all targets over time, the authors measure moving targets as:
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Key Takeaways

➢ Firms talk about targets a lot   hey also “move” targets frequently 

➢ The Most Frequent Movers underperform the market. Least Frequent Movers 

outperform.

➢ Find this pattern is more pronounced when firm’s targets are more complex or 

non-financial

➢  vidence is consistent with “investors fail[ing] to realize or take into account the 

valuable information in these simple changes in targets ”

➢ Reminiscent of Lazy Prices: “investors are inattentive to the valuable information in 

these simple changes” 
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➢ Alpha also comes from infrequent movers.
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➢ Alpha also comes from infrequent movers. Seems like the paper could be about 

both moving and stationary targets.

Table II - Panel D: VW Returns Table IX: VW Returns Most Persistent Targets



Ideas for Future Analyses

➢ Large literature on use of targets in compensation and contracting

➢ How does use of a target for compensation affect the firm’s discussion of it?

➢ Discontinuation of a target is not categorically a bad thing

➢ A firm ceases discussing one target because it has been supplanted by a more 

profitable one.

➢ Discussion of losses ends as a firm turns profitable.

➢ Is there more to the story behind what is driving the alpha?

➢ What is driving the outperformance in the “least frequent movers” portfolio?

➢ Can the measure be developed further?
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Ideas for Future Analyses

➢ NER is challenging. Current SOTA is LUKE (Yamada et al, (2020)) has been shown to 

have a 21-40% improvement in performance over spaCy (en_core_web_lg)1

➢ Wang and Levy (2024) assemble largest corpus of business text (150B+ tokens)

➢ Find that content is systematically different from what is typically used to train LLMs

➢ Fine-tuning LLMs on the data reduces toxicity and improves performance on finance tasks

➢ Makes me wonder how well spaCy is performing and what FT-ing could do for you
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Ideas for Future Analyses

➢ Large literature on use of targets in compensation and contracting

➢ How does use of a target for compensation affect the firm’s discussion of it?

➢ Discontinuation of a target is not categorically a bad thing

➢ A firm ceases discussing one target because it has been supplanted by a more 

profitable one.

➢ Discussion of losses ends as a firm turns profitable.

➢ Is there more to the story behind what is driving the alpha?

➢ What is driving the outperformance in the “least frequent movers” portfolio?

➢ Can the measure be developed further? Domain-specific models?
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Table IX: VW Returns Most Persistent Targets

𝑡 =
𝛼

𝑠𝑒(𝛼)
𝑠𝑒 𝛼 =

−0.0099

−4.3978
= 0.0023

𝑠𝑒(𝛼)  =
𝑆𝐷(𝛼)

𝑛
𝑆𝐷 𝛼 ≈ 0.0023 ∗ 156 = 𝟎. 𝟎𝟐𝟖𝟏
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Very scalable!



Conclusion

➢ Clever use of classical NLP to create a parsimonious measure of target stability

➢  how that “investors fail to realize or take into account the valuable information in 

these simple changes in targets ”

➢ Would like to see more on: 

➢ Connection to compensation literature and how targets are set

➢  xploration of the “least frequent movers”

➢ Portfolio characteristics, e.g., returns in calendar time, trading and borrow costs, 

scalability

42



Thank you!
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